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Telecom intelligent operation system based on big data grid
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Abstract: Based on the advantages of telecom big data platform, the self-learning operation mode of artificial intel-
ligence was utilized innovatively. The operational status of each IT system nodes were actively perceived by collect-
ing and analyzing the massive log data of IT system. The influence, health and dependence of each IT system nodes
were visualized by intelligent graph calculation and grid nebulae graph. The intelligent prediction of node failure was
realized by Keras deep learning framework, and the big data grid intelligent operation system of telecom IT system
was built.

Key words: big data, grid, intelligent operation, intelligent graph calculation, grid nebulae graph, failure prediction
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